
Digital Platforms – Traditional Taxonomy
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Gig Economy

Search / Media

Payment and OS
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Transaction Business Model

Ads Business Model

Match-makersTrust-builders

Digital Platforms – New Taxonomy
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What Info is Asymmetric on Digital Platforms?
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Information 1: are buyers / sellers trustworthy?
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What Info is Asymmetric on Digital Platforms?
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Can you articulate the adverse selection 

and moral hazard issues here?

*
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What Info is Asymmetric on Digital Platforms?
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Information 2: 

Does product x “match” the need of consumer y? 

Are there better matches?
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Histogram of Seller Weekly Traffic
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Sellers are Numerous and Different
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But when we tried to use ML to to predict 

future product ranking in each product 

categories. 

It’s almost impossible to predict ranking 

beyond the top position and beyond 

three months. 

Number of Months into the Future
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Buyers are also Numerous and Different
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Sales Heat Map

Product 

category: 

Sweater

2020 April 

Alibaba 

Taobao

Color: 158

Materials: 56
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What Info is Asymmetric on Digital Platforms?
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▪ Buyers do not observe seller quality

− Trustworthiness → is quality > 0?

− Match value → is this the highest quality product? for whom?

▪ Almost all service platforms have moral hazard issues

− [Tadelis Article / for Airbnb] “Even if payment is mediated by 

the site, there is still a concern that double-sided moral hazard 

may occur.” (guests not taking care of the property; owners do 

not sufficiently clean the apartment, etc.)

*
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A Common Solution?
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Beware of Taobao bullies - Global Times
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https://www.google.com/url?sa=i&url=https%3A%2F%2Fwww.globaltimes.cn%2Fcontent%2F749547.shtml&psig=AOvVaw0ngnFlQDDbna4pdRNyN24f&ust=1700120197146000&source=images&cd=vfe&opi=89978449&ved=0CBIQjRxqFwoTCKDFrra_xYIDFQAAAAAdAAAAABAR


Why are Reviews Effective?

▪ “provide future buyers with information about the 

outcomes of a seller's past behavior”

− Resolves adverse selection by providing quality information

− Resolves moral hazard by imposing punishment on bad 

outcome (and thus review)

▪ Is it perfect though?
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Problem 1: Retaliation
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▪ Almost all reviews 

are positive!

→ Fear of retaliation

▪ eBay switched to 

one-sided review, 

but it’s not feasible 

for other platforms 

such as Airbnb.

*

© Y
izh

ou
 Ji

n 2
02

5



Does AI/MI Solve this Issue?
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▪ Sort of: 

− Can still extract some information even with “grade inflation”

− Can starting analyzing text data: see discussion re: Masterov et 

al. (2016) mentioned in the reading materials

▪ Better solutions:

− Contracting change: make reviews mandatory / hard to skip 

(Uber/Lyft)

− New signals: allow private feedback to the platform (Airbnb)

*
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Problem 2: Fake Reviews
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He, Hollenbeck, Proserpio (2020):

Large number of private FB groups that sells fake review services!
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Problem 2: Fake Reviews
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He, Hollenbeck, Proserpio (2020):

Large number of private FB groups that sells fake review services!
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Does AI/MI Solve this Issue?
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▪ Not really: 

− Can try to identify fake reviews (suspicious sudden increase / 

standard phrasing, etc.)

▪ But always gameable

▪ Better solutions:

− Random audits + high punishment if caught

− Randomize/reduce the reliance on reviews

*
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Problem 3: Free-Rider Problem
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▪ Actually, WHY do so many consumers leave reviews?

− “In fact, through the lens of mainstream economic theory, it is surprising 

that a significant fraction of online consumers leave feedback.” Why?

− A classic free-rider problem: the value of a good review left by a buyer 

mostly benefits future buyers!

▪ This means that, even if people have intrinsic drive to write reviews, it 
is probably still socially desirable to have more reviews... especially 

for new sellers/products!

*
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Problem 3: “Cold-Start’’
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▪ New sellers (entrants), unlike established ones (incumbents), 

do not have past consumer transactions / reviews! 

▪ AI/ML cannot solve this

− When there’s no data, there’s no AI/ML!

▪ Some solutions:

− Rewarding verified customers for informative, not positive 

reviews (Amazon/Taobao)

− Signaling! 

*
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Signaling / Screening
Li, Tadelis, and Zhou (2016): “Rebate-for-Feedback” (RFF)

Can you articulate how signaling work here? 

Can you articulate the “cost/benefit” structure?
*
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Signaling / Screening

Barach, Golden, Horton (2020): Money-back guarantees.

• Platforms can offer money-back guarantees for certain sellers, and it has a 
big impact on how much traffic those sellers have (“steering effect”). 
• However, "offering guarantees did not increase sales overall.” 
→ guaranteed sellers were not higher quality than the rest

• How can we make this into a screening device so that the platform 

guarantees only high-quality sellers?
• Let the sellers pay for guarantees! (there are even insurance 

companies that insure sellers against guarantee payouts)

*
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I Presented a Related Paper at the FTC
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We Developed an AI Training Program
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We Developed an AI Training Program
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Advertising is the only thing that moved. No change in pricing, 

product positioning, and small changes in customer service. But 

there were huge effect on traffic (5.2%) and revenues (6.6%).
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We Developed an AI Training Program
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Takeaway:

! Advertising is effective because it’s a costly signaling device. 

! It is particularly important among new sellers due to “cold-start”

! But many new sellers don’t know about advertising or its value, 

so training can help a lot

→ ~$4.7mn extra transactions with negligible cost to the platform!

*
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